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Abstract: Depth-based 3D hand pose estimation requires manually labelled data to achieve high accuracy and robust-
ness. However, the labeling process is laborsome and bares inevitable biases. Researchers solve this problem by using self-
supervised methods. They pretrain model on synthetic dataset then finetune on unlabelled real dataset through model fit-
ting. The biggest challenge is the design of model fitting term in fintuning stage to prevent severe accuracy drop. We pro-
posed the regional depth correspondence loss which utilized initial pose estimation results to extract regional representation
of input and output depth maps and transparently divided them into different regions. This allows network to finetune re-
gions around joints without being affected by overall domain gaps between synthetic and real depth images. The proposed
method outperforms baseline method by 21.9% on NYU hand pose dataset.
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